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https://medium.com/@sumit.kaul.87/what-is-
generative-adversarial-networks-gans-
32e747b03f46
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Optional
variables

e.g. Wind,
Dynamic

field,
Vertical
field…

Pan, X., Lu, Y., Zhao, K., Huang, H., Wang, M., & Chen, H.
(2021). Improving Nowcasting of convective development by
incorporating polarimetric radar variables into a
deep‐learning model. Geophysical Research Letters, 48(21),
e2021GL095302.
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15 dBZ area threshold Number of orininal data Number of filtered data

10 % 25829 2903

15 % 25829 1884

20 % 25829 1244
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