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Feature List name Run0 Runl Run2
Features 160 155 83
y " : _ ; eXtreme Gradient Boosted
Light Gradient Boosting on Light Gradient Boosted Trees - .
Best Model X . ) - - Trees Classifier with Early
ElasticNet Predictions Classifier with Early Stopping ; s
Stopping (Fast Feature Binning)
Validation Cross Validation Holdout Validation Cross Validation Holdout Validation Cross Validation Holdout
RMSE  0.2011 0.2012 0.2017 0.2034 0.2038 0.2042 0.2149 0.2150 0.2158
AUC 09513 0.9513 0.9514 0.948 0.948 0.9484 0.9304 0.9309 0.9301

Second Best Model

Light Gradient Boosted Trees
Classifier with Early Stopping

Light Gradient Boosting on
ElasticNet Predictions

Light Gradient Boosted Trees
Classifier with Early Stopping

Validation Cross Validation  Holdout Validation  Cross Validation  Holdout Validation  Cross Validation  Holdout
RMSE 0.2013 0.2012 0.2019 0.2037 0.2042 0.2045 0.2149 0.2149 0.2159
AUC 0.9518 09511 0.9520 0.9446 0.9469 0.9472 0.9289 0.9295 0.9291

eXtreme Gradient Boosted
Trees Classifier with Early

Third Best Model Stopping (Fast Feature Binning)

and Unsupervised Learning

eXtreme Gradient Boosted
Trees Classifier with Early

Stopping (Fast Feature Binning)

eXtreme Gradient Boosted
Trees Classifier with Early

Stopping (Fast Feature Binning)

and Unsupervised Learning

Features Features
Validation  Cross Validation  Holdout Validation  Cross Validation  Holdout Validation  Cross Validation  Holdout
RMSE 0.2014 0.2016 0.2022 0.2038 0.2036 0.2048 0.2150 0.2151 0.2157
AUC 0.9501 09512 0.9503 0.9478 0.9483 0.9481 0.9305 0.9304 0.5306

%% 1 - DataRobot HYE @ Features 1Y% 47 £ RunO,Runl,Run2 —=flE » FRFI|H &8 5%R 2~ 12 HEA T I = 5407
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WEPLEHERENTREEH 2.363 2.144 2.762
Bfi 5 T881E Sk # A 7| 1611| 1.37 2.007
DB 16EREFRLRE 16 1.858 1.597 2.307
16EA4RiEm EF L4 AR AR EA 208 1.685 1.437 2.109
168mE+FE2 AR ER » BAHSE 48 1.85 1.553| 2.351
AFFEARSAEM EF T4R R RAIEAINE R 52 1.819 1153571 2.269
ARRSRIE+2~12 AR EAINE R 148 1.656 1.432 2.044
ARAEAE+2 ~14 AP RAINET A 172 1.65 1.429 2.034
AERERIE+2~ 16 ARFAINER 196 1.648 1.427 2.03
AR ERIE+2 ~16 AR RAINE R+ K HKRTEM 167 1.665 1.427 2.073
ARARSRIE+10~16 2RI EA 100 1.669 1.437 2.068
BO7 ~ B13 ~ B15Z 2~16 AR FHEER 27 1.88 1.696 2.213
2%DataRobotiifi & 8 » BIEAMD 1 96 1.621 1.383 2.026
2EDataRobotilifi & § » BIEETIRMTIE 88 1.634 1.387 2.056
Z%DataRobotiEifi & & » ERWSHEIAG

61 1.801 1.529 2.262

(B03,B10,B11,B12,B15)

2% DataRobotiRifE & » EREWeHEME

69 1171 1.493 2.094

(B03,B07,B10,B11,B12,B15) °

DataRobotiifi& 8 (EH137E48:8) 101 1.613 1E375 2.019
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eXtreme Gradient Boosted Trees Classifier

Light Gradient Boosting on ElasticNet Light Gradient Boosted Trees Classifier 5 A
= e ith IS . with Early Stopping (Fast Feature Binning)
Predictions with Early Stopping and Unsupervised Learning Features
| *
§
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