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ses AlCatalog Data Mod Deploym

Begin a project by dragging a dataset here
or

simply import from:

t UseCases AlCatalog Data els @ Deployments Model Registry ~Applications

ights ~ Learning Curv e racy

Y

% Light Gradient Boosted Trees Classifier with Early Stopping
Mes7 BPSO % 80.0% P

ight Gradient Boosted Trees Classifier with Early Stopping

M71 BPSO % 64.0%

ight Gradient Boosted Trees Classifier with Early Stopping

M665 BPSO

?¥ Light Gradient Boosted Trees Classifier with Early Stopping

Mo apso % *

?¥ Light Gradient Boosted Trees Classifier with Early Stopping

M54 BRSO

Model Comparison

XS eXtreme Gradient Boosted Trees Classifier with Early Stopping

uss BP0

eXtreme Gradient Boosted Trees Classifier with Early Stopping and Unsupervised Learning Features
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anhA : DataRobotHYE §E L FeaturestNAE
m%Runo,Runl,Runz:@ - AEFRS LA
BEAR 2 B BEZRIE A =& BIModel ( 1L
RMSETERBEFRBINIE )

Al B E
EEHH%F'EEJ : 2019718 %I6 8
BEREE . RooEE
ERAS fRIEER (BFE
Z) ;—L%Hﬁﬁﬁﬁﬁiﬁsz@:’”ﬂ

FEEHER KlLevel2Emm ©

Feature List
Run0 : FIBE:HN ( #£16018 )

Runl : H%A%ﬂ‘”*ﬂ(ﬂ%ﬁﬁi% NI
B 5E%  HRE15518)

Run2 : i[‘?xﬂ%ﬂ%*ﬂ&mvel 2 Em ( &R
E28318 )

Feature List name RunO Runl Run2
Features 160 155 83
. . . . ) eXtreme Gradient Boosted
Light Gradient Boosting on Light Gradient Boosted Trees e .
Best Model ) o o i ) Trees Classifier with Early
ElasticNet Predictions Classifier with Early Stopping . .
Stopping (Fast Feature Binning)
Valldatlon Cross Valldatlon Holdout Valldatlon Cross Valldatlon Holdout Valldatmn Cross \.Falldalmn Holdnut
RMSE 0. 2011 c- 2012 0. 201? o 2034 0. 2033 0.2042 n 2149 o 2150 n 2153
AUC 0. 9513 D 95]3 0. 9514 O 948 0. 948 0.9484 U 9354 0 9309 U 9351

Second Best Model

Light Gradient Boosted Trees
Classifier with Early Stopping

Light Gradient Boosting on
ElasticNet Predictions

Light Gradient Boosted Trees
Classifier with Early Stopping

Validation  Cross Validation Holdout Validation  Cross Validation Holdout Validation  Cross Validation Holdout
RMSE 0.2013 0.2012 0.2019 0.2037 0.2042 0.2045 0.2149 0.2149 0.2159
AUC 0.9518 0.9511 0.9520 0.9446 0.9469 09472 0.9289 0.9295 0.9291

RMSE
AUC

eXtreme Gradient Boosted
Trees Classifier with Early

Third Best Model Stopping (Fast Feature Binning)

and Unsupervised Learning

Features
Valldatlon Cross Valldatlon Holdout
D 2[]1!1 D 2016 D 2022
U' 9501 U 9512 U' 9503

eXtreme Gradient Boosted
Trees Classifier with Early
Stopping (Fast Feature Binning)

\u’alldatlon Cross Valldatlon Holdout
U 2038 'D 2036 U 2048
U 94?8 'D 9483 U 9481

eXtreme Gradient Boosted
Trees Classifier with Early
Stopping (Fast Feature Binning)
and Unsupervised Learning

Features
‘u’ahdatlon Cross \."alldatlon Holdout
02150 D 2151 0215?
09305 09304 09306
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Predicted
Accuracy = (TP+TN) / (TP+FP+FN+TN) ] A TOTAL
&EANEER BEEEENERRVBERAFTERERN - Actual | - N FP TN+FP
Precision = TP / (TP+FP) + FN TP FN+TP
WREBHEABNEADEREBHLLLA - TOTAL | TN+FN | FP+TP

TN TS 2 E ARSI -

Recall ( Sensitivity ) = TP / (TP+FN) TP MR DHIIEHESE -
ERBENEADHEEE A EEIEA -
F1 Score = 2 _ 2(RecallxPrecision)

Recall~l+Precision—1  Recall+Precision

EERAFEENARN N, of£%EF1 ScoreI3RIE, &
—%%ﬁé\Precision&RecallE’\J%/‘?\/ETTET% : - DataRo bOt}/I\ETIEEﬁ:I\: E/J§7\7Fﬁ§i7}r§

7 Light Gradient Boosting on ElasticNet Predictions

M52 BP39 oy

Evaluate Understand Describe Predict Comments
Lift Chart ROC Curve Profit Curve  Feature Fit Advanced Tuning

Predicted

Selection Summary [ Export

103664 (TN) 4036 (FP)

True Positive Rate False Positive Rate True Negative Rate Positive Predictive Negative Predictive
(Sensitivity) (Fallout) (Specificity) Value (Precigion) Value 3084 (FN) 6472 (TP)

0.6773 0.0375 0.9625 0.6159 0.9711 106748 10508




DataRobotfVEHER

ElasticNet Predictions

Precision=0.6159
Recall=0.6773

Feature List name RunO Runl Run2
Features 160 155 83
eXtreme Gradient Boosted
Light Gradient Boosting on Light Gradient Boosted Trees . .
Best Model . _ _ Trees Classifier with Early
Classifier with Early Stopping

Precision=0.6164
Recall=0.6535

Stopping (Fast Feature Binning)

Precision=0.5543
Recall=0.6058

Light Gradient Boosted Trees

Second Best Model o j )
Classifier with Early Stopping

Precision=0.6073
Recall=0.6891

Light Gradient Boosting on
ElasticNet Predictions

Precision=0.6088
Recall=0.65354

Light Gradient Boosted Trees
Classifier with Early Stopping

Precision=0.5389
Recall=0.6275

eXtreme Gradient Boosted
Trees Classifier with Early

Third Best Model Stopping (Fast Feature Binning)
and Unsupervised Learning

eXtreme Gradient Boosted
Trees Classifier with Early
Stopping (Fast Feature Binning)

Features Features
Precision=0.6258 Precision=0.599 Precision=0.5399
Recall=0.6540 Recall=0.6672 Recall=0.6302

eXtreme Gradient Boosted
Trees Classifier with Early
Stopping (Fast Feature Binning)
and Unsupervised Learning

Precision
s BB HETAENR AP
BB FZERIELA -

Recall (Sensitivity) :

B BB ATHGREE
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Run0 : FTBE:N (

16018 )

BxfE ( RMSE =0.2011 ) :
* Light Gradient Boosting on ElasticNet Predictions

R1E ( RMSE =0.2013 )

* Light Gradient Boosted Trees Classifier with Early Stopping
( RMSE = 0.2014 )

* eXtreme Gradient Boosted Trees Classifier with Early Stopping (Fast Feature

s ol

Binning) and Unsupervised Learning Features

Light Gradient Boosting on ElasticNet

Predictions

Feature List nami Run0 Runl Run2
Features 160 155 a3
n n " . . eXtreme Gradient Boosted
Light Gradient Boosting on Light Gradient Boosted Trees . )
Best Model . o ) X X Trees Classifier with Early
ElasticNet Predictions Classifier with Early Stopping R -
Stopping (Fast Feature Binning)
Validation Cross Validation  Holdout | Validation Cross Validation  Holdout Validation Cross Validation  Holdout
RMS 0.2011 0.2012 0.2017 0.2034 0.2038 0.2042 0.2149 0.2150 0.2158
AU 0.9513 0.9513 0.9514 0.948 0.948 0.9484 0.9304 0.9309 0.9301

Second Best Mod

Light Gradient Boosted Trees
Classifier with Early Stopping

Validation ~ Cross Validation ~ Holdout

Light Gradient Boosting on
ElasticNet Predictions

Validation ~ Cross Validation ~ Holdout

Light Gradient Boosted Trees
Classifier with Early Stopping

Validation ~ Cross Validation ~ Holdout

RMS]

0.2013 0.2012 0.2019

0.2037 0.2042 0.2045

0.2149 0.2149 0.2159

0.9518 0.9511 0.9520

0.9446 0.9469 0.9472

0.9289 0.9295 0.9291

Third Best Mode!

eXtreme Gradient Boosted
Trees Classifier with Early
Stopping (Fast Feature Binning)

and Unsupervised Learning | Stopping (Fast Feature Binning)

Features

Validation ~ Cross validation ~ Holdout

eXtreme Gradient Boosted
Trees Classifier with Early

\/ahdanon Cross Validation Holdou[

eXtreme Gradient Boosted
Trees Classifier with Early
Stopping (Fast Feature Binning)
and Unsupervised Learning
Features

Validation ~ Cross Validation  Holdout

RMS|

0.2014 0.2016 02022

0.2038 0.2036 0.2008

0.2150 02151 0.2157

Light Gradient Boosted Trees Classifier
with Early Stopping

2019070400 Probability of Fog

AU

0.9501 0.9512 0.9503

0.9478 0.9483 0.9481

0.9305 0.9304 0.9306

eXtreme Gradient Boosted Trees Classifier
with Early Stopping (Fast Feature Binning)
and Unsupervised Learning Features

2019070400 Probability of Fog

=3

2019070400 Probability of Fog
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Feturespig<s Features{Eg1 et ulpbdn EE
B SES B _E

18 i B BT AT B S 2.363|  2.144] 2,762
SE16EEARFEE 16| 1.858| 1.597| 2.307
leEFEfmnil L3844 B mpvEashE R 208 1.685 1.437 2.109
lofEin+F{E2 H S » X EHSE 48 1.85 1.553 2.351
4FEER O MN EF IS4 AR ARIEESF SR 52 1.819 1.557 2.269
AR SREIE 42 ~12 2 B EASME R 148| 1.656| 1.432| 2.044
AR SEIE+2 ~1 4B FaINEF R 172 1.65 1.429 2.034
AR SEIE 42 ~ 16D R EAIMNE R 196| 1.648| 1.427 2.03
AR FEIE+2 ~ 16 AR EAIN T+ KB RTEM 167| 1.665| 1.427| 2.073
AR SEE+10~1 62 R EEINE A 100| 1.669| 1.437| 2.068
BO7 ~B13 » Bl5=Z 2~16AEEHHER 27 1.88| 1.606| 2.213
ZEDataRobo IS 8 » RS g6 1.621 1.383| 2.026
ZEDataRobotiEiES B - BIEEEEETIE 88 1.634 1.387 2.056
ZEDataRobotiE S H - ERWSFEFEN

) . 61 1.801 1.5289| 2.262

(B03,B10,B11,B12,B15)
ZEDataRobotiBifE B » EFE6FEIEE

) ) 69 1.712 1.493| 2.094

(B03,BO7,B10,B11,B12,B15) =

DataRobotA 4
B Features °
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